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Abstract
Zebrafish larvae display rich locomotor behaviour upon external stimulation. The movement
can be simultaneously tracked from many larvae arranged in multi-well plates. The resulting
time-series locomotor data have been used to reveal new insights into neurobiology and
pharmacology. However, the data are of large scale, and the corresponding locomotor
behavior is affected by multiple factors. These issues pose a statistical challenge for com-
paring larval activities. To address this gap, this study has analyzed a visually-driven loco-
motor behaviour named the visual motor response (VMR) by the Hotelling’s T-squared test.
This test is congruent with comparing locomotor profiles from a time period. Different wild-
type (WT) strains were compared using the test, which shows that they responded differ-
ently to light change at different developmental stages. The performance of this test was
evaluated by a power analysis, which shows that the test was sensitive for detecting differ-
ences between experimental groups with sample numbers that were commonly used in var-
ious studies. In addition, this study investigated the effects of various factors that might
affect the VMR by multivariate analysis of variance (MANOVA). The results indicate that the
larval activity was generally affected by stage, light stimulus, their interaction, and location
in the plate. Nonetheless, different factors affected larval activity differently over time, as
indicated by a dynamical analysis of the activity at each second. Intriguingly, this analysis
also shows that biological and technical repeats had negligible effect on larval activity. This
finding is consistent with that from the Hotelling’s T-squared test, and suggests that experi-
mental repeats can be combined to enhance statistical power. Together, these investiga-
tions have established a statistical framework for analyzing VMR data, a framework that
should be generally applicable to other locomotor data with similar structure.
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Introduction
Zebrafish have revolutionized high-throughput neurobehaviour research. One key reason is
that zebrafish routinely produce a large number of embryos [1]. These embryos are small and
can be arrayed in multi-well culture plates. This systematic arrangement makes it simple to
simultaneously measure locomotor behaviour of many embryos under external simulation.
Indeed, the resulting data have provided new insights into neurobiology [2–5], pharmacology
[4,6] and toxicology [7–11]. Nonetheless, the complexity of these locomotor data has created
new challenges in data analysis, which have not been thoroughly explored. This has potentially
limited what can be learned from the high-throughput neurobehaviour studies.
The analytical challenges of these studies originate from the experimental setup, data collec-
tion and data structure. To illustrate these challenges, we will describe a popular high-through-
put analysis of larval fish behaviour: the visual motor response (VMR). This response is a
locomotor behaviour stimulated by drastic light onset or offset [5,12–14]. In a typical VMR
experiment, zebrafish larvae are arranged in a 96-well plate, isolated from environmental light
in a lightproof chamber, and stimulated by controlled white light. Using this setup, the move-
ment of multiple larvae can be simultaneously measured. For example, these larvae are detected
as pixels in the video. When the detected pixels exceed a pre-defined threshold in successive
frames of the video, the larvae are deemed moving [4,5,11–15]. Another approach to detect lar-
val movement is to track the larval displacement between successive frames [8–10,16–20]. In
some studies, the displacement will also be transformed into velocity. All these activity mea-
sures are quantified over a period of time to generate time-series activity data for downstream
analysis.
The first step of analysis is to visualize the collected data in a plot. Typically, the activity val-
ues are averaged across the same type of sample, and plotted against time to illustrate the gen-
eral behavioral profile of the animals [5,14]. In this case, the resulting locomotor activity is
often reported as activity value per unit time. Alternatively, the larval activity can be visualized
by a heatmap [21], or by mapping the results back to individual wells of the multi-well plate
[22]. These data plots can qualitatively compare activity between different types of sample
[5,12,14,15]. For quantitative comparison, the locomotor data are often analyzed by standard
statistical tests including t-test and analysis of variance (ANOVA) [8,10,11,16,18]. The dynam-
ical change of behaviour has also been analyzed with repeated-measures ANOVA [9,17].
However, these statistical tests may not be the most suitable for analyzing VMR data. For
example, t-test can only deal with one factor with two levels at a time. Its overall Type I error
rate will increase with the number of simultaneous tests on multiple factors with multiple lev-
els. Moreover, t-test does not take into account of time dependence, a situation in which the
data obtained from samples repeatedly measured at different times are correlated in time. This
time dependence feature is inherent in behavioural data, and is better handled by repeated-
measures ANOVA. This test is primarily used when subjects are repeatedly measured or exper-
imented under different conditions, and it extracts between-subjects variations from the error
variance. However, repeated-measures ANOVA requires data variance satisfying sphericity
assumption, an assumption that stipulates the variances of the differences between all possible
pairs of groups are equal. This assumption is hardly satisfied in behavioural studies because of
drastically different variances under distinct conditions. To handle the lack of appropriate sta-
tistical tests, several studies have transformed the activity values into a format that is amenable
to simple parametric analysis. For example, they can be transformed into total displacement,
mean velocity, or swimming time of each larva. These transformed values can then be used in
standard parametric analyses [8,9,16,17]. This approach is useful for detecting differences in
the transformed activity values in a specific time period. Using this approach, Lange and
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colleagues found that different WT strains swam different distances, in different speed, and for
different time in an hour [16]. Nonetheless, data transformation unavoidably discards informa-
tion from the original data, and may result in a loss in sensitivity for statistical analysis. In addi-
tion to this limitation, there are also inherent experimental and biological variations of the
VMR setup that have not been formally studied. These include variation between biological
replicates, and variation among wells in the assay due to the potential unevenness of light
illumination. These statistical issues are limiting the utility of VMR in various behavioral
investigations.
To address these statistical challenges, we have established a coherent statistical analysis
framework for VMR data analysis. The framework was developed using a dataset collected
from three wild-type (WT) zebrafish strains: AB, TL and TLAB, from 3 to 9 days postfertiliza-
tion (dpf). To compare activities between different conditions, we applied the Hotelling’s T-
squared test. This test is the generalization of the conventional t-test, which tends to result in
an inflated error rate due to multiple testing on data like the situations outlined in this study.
In contrast, Hotelling’s T-squared test gives an overall test and reduces the corresponding error
rate. As a result, it performs better than the t-test. This study illustrates the utility of the Hotell-
ing’s T-squared test by comparing the VMR data in several commonly-used scenarios, and by
conducting a power analysis that indicates the number of samples required is compatible with
existing study designs. Furthermore, factors that might affect larval activity were evaluated by
multivariate analysis of variance (MANOVA) models. MANOVA does not require the input
data to satisfy sphericity assumption, and is more suitable for VMR dataset than repeated-mea-
sures ANOVA. Together, this study has established an analysis framework using VMR data
that share similar data structure with other locomotor data. Thus, this analysis framework
should be generally applicable to similar locomotor data collected in various neurobehaviour
studies.
Materials and Methods
2.1 Experimental Design and Data Collection
2.1.1. Zebrafish maintenance, breeding and embryo collection. In this study, the follow-
ing WT zebrafish strains were used: AB, TL and TLAB (AB/TL; A hybrid of AB and TL)
<http://zfin.org/action/feature/wildtype-list?MIval = aa-wtlist.apg>. They were maintained
and bred in groups of two females and two to four males according to standard procedures
[23]. The collected embryos were maintained in E3 medium at 28°C in an incubator with the
same light-dark cycle as in the fish facility. The medium was changed every day and unhealthy
embryos were discarded. At 3 dpf, healthy embryos were further selected based on the follow-
ing criteria: no visible physical defects such as bent spines, bloated bodies or other deformities.
These healthy embryos were transferred to a 96-well plate for use in the subsequent beha-
vioural assay. All these protocols were approved by the Purdue Animal Care and Use
Committee.
2.1.2. The visual motor response (VMR) Assay. The VMR assay was implemented based
on the design by Emran and colleagues [5,12] as described below. The assay was conducted
inside the ZebraBox system (ViewPoint Life Sciences, Lyon, France). In the system, the 96-well
plate with the animals was isolated from environmental light, and stimulated by white light
emitted by a light-controlling unit from the bottom of the plate. The animal movement was
recorded by an infra-red camera at a rate of 30 frames per second under infra-red light illumi-
nation at 850 nm, which the animals could not perceive. Before the actual experiment, the
96-well plate with the animals was placed in the ZebraBox system for 3.5 hours of dark adap-
tion to acclimatize the animals. The data collection was started at 0.5 hours before the first light
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onset. The actual test consisted of three consecutive trials of light onset (Light-On) and light
offset (Light-Off) periods with each period lasted for 30 minutes (Fig 1). The light change (On
or Off) was abrupt and was not fading. The Light-On stimulus was set at 100% of the output
intensity, which was measured by a LX1010B light meter (Mastech, Taipei, Taiwan). The mea-
surements were taken at nine evenly distributed locations across the surface of the light-con-
trolling unit that would be covered by the 96-well plate. The mean illuminance of these nine
locations was 1390.94 Lux and the standard deviation of the measurement was 155.05 Lux.
Using this experimental scheme, the VMR was measured from the three WT strains. For each
strain, two biological repeats were conducted. Each repeat was started with 96 embryos in the
96-well plate at 3 dpf. The VMR of the same animals in each biological repeat was measured
from 3 to 9 dpf. In each day, the assay was started at around the same time at 2 p.m. The health
of the animals was also inspected every day. During the inspection, half of the E3 medium was
changed. Embryos or larvae that showed any signs of abnormality during the course of beha-
vioural experiment were excluded from the final data analysis. The remaining healthy embryos
were not fed during the experimental period to avoid any confounding errors introduced by
feeding. All data are available at the Harvard Dataverse (http://dx.doi.org/10.7910/DVN/
HTXXKW).
2.2. Statistical Analysis
2.2.1. Activity summarization. To detect movement from the video data, the
ZebraBox machine used the following method: First, each embryo was first detected in each
frame by registering pixels with a grey level below a preset level. This level was defined as the
detection sensitivity and was set at 6 in this study. If the registered pixels were different in suc-
cessive frames, they were declared as active pixels. These active pixels represented the part of
the animal that moved in successive frames. Small movements could be separated from major
moving episodes by setting a burst threshold to select movements that were larger than a pre-
defined number of active pixels between successive frames. This burst-threshold filter was not
used in this study because we recently showed that small movements could provide useful
information for better identification of animals with different genotype [13]. Then, the larval
movement was summarized as the fraction of frames in each second with active pixels/move-
ment, a parameter that was defined as the Burst Duration. The data in each second summa-
rized the activities from the second before to that particular second. For example, data
collected in second 1 summarized all activities between second 0 (when light change occurred)
and second 1. Finally, the Burst Duration was computed for each animal at every second of the
assay to measure the activity level of the animal.
2.2.2. Data modeling and statistical inference. Upon abrupt light change, the activity
level of the animals can reveal underlying visual problem and can potentially be used to identify
new drugs [5,13–15]. These properties are of high interest to our research; thus, we extracted
the activity data from 30 seconds before light change (Fig 1, red boxes) to 30 seconds after light
change (Fig 1, blue boxes) to conduct statistical analysis. During this transitional period, the
larval activity was influenced by many factors, which were incorporated in our models. These
factors will be defined and grouped by their nature in section 2.2.2.1. Then, the effect of these
factors on larval activity will be studied by the Hotelling’s T-squared test and MANOVA
model in sections 2.2.2.2 and 2.2.2.3 respectively. All statistical analyses were performed with R
software version 3.2.0<http://www.r-project.org/>. The analysis scripts are available in S1
File.
2.2.2.1. Model parameters:
1. Biological variations
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a. Strains. Three WT strains were used in the experiment: AB, TL and TLAB.
b. Stages. The stage of zebrafish ranged from 3 to 9 dpf.
2. Treatment effects
a. Technical Repeat. The VMR experiment design has three technical repeats: three light
onsets (Light-On), and three light offsets (Light-Off). This factor studies the effects of
repeated light change regardless of light onset or offset (Fig 1, purple boxes in three dif-
ferent colour values).
b. Light Stimulus. This factor separates the change in activity caused by the Light-On ses-
sions (Fig 1, yellow boxes) and Light-Off sessions (Fig 1, green boxes).
3. Experimental variations
a. Location. The VMR assay was conducted with fish larvae arranged in a 96-well plate.
The difference in their physical location inside the plate may contribute to variations in
activity.
b. Biological Repeat. For each WT strain, there were two independent replications con-
ducted with embryos collected on different days.
4. Interactions between the factors under categories 1–3 above.
2.2.2.2.Hotelling’s T-squared test: The two-sample Hotelling’s T-squared test is the multi-
variate version of the two-sample t-test in univariate statistics. This test enables the comparison
between mean vectors. Compared to t-test, it maintains the data structure and takes into
Fig 1. VMR experimental scheme. The experimental scheme for the VMR assay was adopted from Emran and colleague (2008). In the scheme, the larvae
arrayed in the 96-well plate were first dark adapted for 3.5 hrs (long black bar on the left). Then, they were subjected to three consecutive trials of light onset
(Light-On; grey bars) and light offset (Light-Off; short black bars). Each Light-On or Light-Off session lasted for 30 mins. In this study, we extracted the data
from 30 s before light change (red bars; not to scale) to 30 s after light change (blue bars; not to scale) for statistical analyses. In some cases, the analyses
separately handled the extracted data around the Light-On stimulus (yellow boxes) and Light-Off stimulus (green boxes). Furthermore, in our MANOVA
models, the effect of three consecutive trials was explicitly evaluated (purple boxes in different colour values), regardless of the nature of light change.
doi:10.1371/journal.pone.0139521.g001
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account of the correlation between measured traits. In univariate statistics, the t-statistic is usu-
ally defined as the difference between sample mean x and population mean μ,
t ¼ ﬃﬃﬃnp x  m
s
;
when the sample comes from a normal distribution N(μ, σ2), and n is the sample size, s is sam-
ple variance. The multivariate analog of the squared t in univariate case is given by
T2 ¼ n1n2
n1 þ n2
ðX ð1Þ  X ð2ÞÞ0S1ðX ð1Þ  X ð2ÞÞ;
where X ð1Þ and X ð2Þ with length p, are the mean vectors of a sample of size n1 and n2 respec-
tively, and S is the weighted sample covariance matrix. Under the null hypothesis, the test sta-
tistics n1þn2p1
pðn1þn22Þ T
2 follows F-distribution with degrees of freedom p and n1 + n2 − p − 1. To
control the probability of committing type I error in simultaneous comparisons of Hotelling’s
T-squared test, p-values of these tests are adjusted by controlling the false discovery rate [24].
Further, to obtain the power of Hotelling’s T-squared test [25], we need the following power
function:
PðFp;ðn1þn2p1Þ;t2  Fp;ðn1þn2p1Þ; aÞ;
where Fp;ðn1þn2p1Þ;t2 is the non-central F-distribution with noncentrality parameter τ
2, and p
and n1 + n2 − p − 1 are the degrees of freedom. Fp;ðn1þn2p1Þ; a denotes the density value of cen-
tral F-distribution with degrees of freedom p and n1 + n2 − p − 1 given the signiﬁcance level α.
Denote that ith(i = 1,2) group of samples XðiÞ1 ; . . . ; X
ðiÞ
ni
comes from N(μ(i), S), for the two-sam-
ple test of H0:μ
(1) = μ(2), the noncentrality parameter is calculated as
t2 ¼ n1n2
n1 þ n2
ðmð1Þ  mð2ÞÞ0S1ðmð1Þ  mð2ÞÞ:
Given the difference δ = μ(1) − μ(2) and the significance level α, we may choose n1 and n2 so
that τ2 is sufficiently large to be able to reject the null hypothesis. Given the power under a cer-
tain significance level, we can also calculate the noncentrality parameter τ2, which indicates the
amount of difference that a test could detect. Using this framework, a simulation study was
conducted to study the relationship between statistical power, sample size, and activity profile
difference that the Hotelling’s T-squared test could detect. In the simulation, μ(1) and μ(2) were
generated from two different uniform distributions, and the population variance-covariance
matrix was estimated by sample variance-covariance matrix calculated from the data. Then,
the power of the test was calculated across different sample sizes ranged from 16 to 100 each
group given that α = 0.05. The simulation results were plotted in power curves to visualize
the relationship between the power of Hotelling’s T-squared test and the sample size of each
group. Furthermore, we conducted a power analysis using the activity values of two WT stains:
AB and TLAB at 6 dpf to illustrate the performance of the test on real data.
2.2.2.3.MANOVA model: Different factors might contribute differently to the final activity
of the zebrafish larvae. Therefore, we developed a multi-factor MANOVAmodel to compare
the effects of those factors under different conditions. MANOVA is the multivariate analogue
of conventional ANOVA, and has been widely used to compare multivariate response of multi-
ple groups. In MANOVA, we calculated the hypothesis sum of squares and cross product
(SSCP), and the error SSCP. The two SSCP terms are similar to the sum of squares in conven-
tional ANOVA. When testing significance using F-test, we used Pillai-Bartlett Trace based on
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the SSCP [25]. Pillai-Bartlett Trace is similar to the sum of variance that is explained by the fac-
tors in model. It was used to indicate the effect size of each factor in the MANOVAmodel.
To study the dynamic effect of each factor over time, we also performed univariate ANOVA
for each second, using the dependent variables in the MANOVAmodel. The association
between main effects and dependent variable was measured by the effect size η2, which is the
proportion of variance in the dependent variable that is attributed to each effect. It is defined as
Z2 ¼ SSeffect
SStotal
;
where SS represents the sums of squares, SSeffect is the sums of squares for effect, and SStotal is
the total sums of squares.
Results
Wemeasured the VMR of the larvae obtained from three WT strains: AB, TL, and TLAB.
These larvae showed distinct behaviors, as indicated by the mean larval activity of each strain
during light onset (Light-On) and light offset (Light-Off). An example of this difference at 6
dpf is shown in Fig 2.
3.1. Hotelling’s T-squared test
The plots in Fig 2 qualitatively show the difference between the activity of different strains, and
between the activity before and after light change. However, these plots do not provide a quan-
titative measurement of the observed differences. To this end, a two-sample Hotelling’s T-
squared test was used for pairwise comparison of selected conditions. This approach is illus-
trated by the following four examples:
3.1.1. Example 1: Difference between strains during the same time interval. To deter-
mine the VMR difference between WT strains as shown in Fig 2, a pairwise Hotelling’s T-
squared test was performed on the WT activity data across different strains during these two
time periods: -29–0 s (i.e., before light change) and 1–30 s (i.e., after light change) (Table 1A).
The Light-On and Light-Off stimuli were separately analyzed. For the 30-s period before Light-
On stimulus (-29–0 s), there was no statistical difference in the activity between AB & TL
(p = 0.1017), and TL & TLAB (p = 0.2572), while there was a difference in the activity between
AB & TLAB (p< 0.0001). These are supported by the activity plots from -29–0 s (Fig 2, left
panel), in which the mean activity traces and the corresponding errors of AB and TLAB do not
overlap, while the errors of the other two comparisons overlap. For the 30-s period after Light-
On stimulus (1–30 s; Table 1A), the activity of every strain was different from the others (p-val-
ues of all pairwise comparison were< 0.0001). This observation is also supported by the differ-
ence of the mean activity traces after reaching their peak value (Fig 2, left panel). For the 30-s
period before the Light-Off stimulus (-29–0 s; Table 1A), there was no statistical difference in
the activity between AB & TL (p = 0.2048), while there was a difference in the activity between
TL & TLAB (p< 0.0001), and AB & TLAB (p = 0.0030). These are corroborated by the corre-
sponding activity plots (Fig 2, right panel), in which the activity of TLAB before light change is
noticeably lower than that of AB and TL, while the activity traces of the latter two WT strains
highly overlap with each other. For the 30-s period after the Light-Off stimulus (1–30 s;
Table 1A), there was a statistical difference in the activity in all three pairwise comparisons of
the WT strains (p< 0.0001). As evidenced by the activity plots in Fig 2, TLAB is obviously dif-
ferent from the other two strains because it has a lower sustained activity from 4 to 30 s. While
this period of sustained activity is similar between AB and TL, AB has a higher peak activity
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Fig 2. The VMR of 6-dpf WT strains. The VMR was measured from threeWT strains: AB, TL and TLAB as described in the methods. The activity was
defined as the fraction of frames in each second that a larva in the video was detected moving (see methods for the detailed definition). Then, the activities
from all trials under the same light stimulus were averaged and plotted. The results for Light-On and Light-Off VMR are shown in the left and right figures
respectively. These figures show the mean activity of AB (red trace), TL (green trace) and TLAB (blue trace) from 30 s before the light change to 30 s after the
light change. The corresponding error in 1 S.D. is shown by the colour ribbon surrounding the mean activity trace. The light and dark periods are indicated by
white and black bars at the top of the figures. The sample size was 573 for AB, 528 for TL, and 555 for TLAB respectively. These values are the total
observation from the two biological repeats and three technical repeats.
doi:10.1371/journal.pone.0139521.g002
Table 1. The Hotelling’s T-squared test of VMR between different strains at 6 dpf.
A. The Hotelling’s T-squared test of VMR between different strains at 6 dpf
Comparison Test statistic (p-value)
Light-On (-29–0 s) Light-On (1–30 s) Light-Off (-29–0 s) Light-Off (1–30 s)
AB VS. TL 1.4083 (0.1017) 5.1583 (< 0.0001) 1.1869 (0.2048) 2.9814 (< 0.0001)
TL VS. TLAB 1.1478 (0.2572) 3.5584 (< 0.0001) 2.3958 (< 0.0001) 2.7308 (< 0.0001)
AB VS. TLAB 3.2687 (< 0.0001) 2.7563 (< 0.0001) 1.9076 (0.0030) 4.6229 (< 0.0001)
B. The Hotelling’s T-squared test of Light-Off VMR between different strains at 6 dpf using data from two intervals: 1–2 s and 3–30 s
Light-Off (1–2 s) Light-Off (3–30 s)
AB VS. TL 30.6810 (<0.0001) 0.9048 (0.6014)
TL VS. TLAB 0.4844 (0.6116) 2.5142 (<0.0001)
AB VS. TLAB 21.668 (<0.0001) 4.1139 (<0.0001)
C. The Hotelling’s T-squared test of Light-On VMR between different strains at 6 dpf using data only from the ﬁrst technical repeat
Light-On (-29–0 s) Light-On (1–30 s)
AB VS. TL 1.9571 (0.0018) 5.1843 (< 0.0001)
TL VS. TLAB 0.7555 (0.7778) 2.3645 (< 0.0001)
AB VS. TLAB 1.46 (0.0489) 3.7021 (< 0.0001)
D. The Hotelling’s T-squared test of Light-On VMR between different strains at 6 dpf using data from the second and third technical repeats
Light-On (-29–0 s) Light-On (1–30 s) Light-Off (-29–0 s) Light-Off (1–30 s)
AB VS. TL 0.7746 (0.7662) 2.547 (<0.0001) 1.6558 (0.0166) 1.8093 (0.0036)
TL VS. TLAB 1.9676 (0.0006) 2.3505 (<0.0001) 2.0502 (0.0006) 2.4196 (< 0.0001)
AB VS. TLAB 3.0192 (<0.0001) 1.4928 (0.0158) 1.6301 (0.0166) 3.9378 (< 0.0001)
doi:10.1371/journal.pone.0139521.t001
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right after the stimulus change. Thus, the Hotelling’s T-squared test effectively detects activity
differences between different strains.
Even for a short time interval in 30 s, the larval activity can be driven by different neural cir-
cuitries. This requires a versatile statistical test that can readily analyze different periods of
time. For example, in the first two seconds after light offset, zebrafish larvae display a unique
movement termed O-bend, in which the larvae twisted the body to form a circular shape [26].
This O-bend is abolished after eye enucleation, suggesting that this locomotor response is initi-
ated by retina [19]. Unlike this early response, the later sustained response is likely contributed
by activity from both retina and extra-ocular photoreceptors [5,19]. Hence, it would be infor-
mative to analyze these time frames for the Light-Off stimulus separately. To this end, the
Light-Off data were further segregated into 1–2 s and 3–30 s for Hotelling’s T-squared test
(Table 1B). The results revealed unique activity differences between different strains during dif-
ferent time periods: during the early 1–2 s, AB’s activity significantly differs from TL and
TLAB, while the activity of these latter two strains was similar; whereas during the latter 3–30
s, TLAB’s activity became significantly different from AB and TL, while the activity between
the latter two strains was not different from each other. These observations suggest that the
O-bend circuitry in AB was slightly different from the other two strains, and that the TLAB
might carry unique variation in the locomotor circuitry that gave rise to a different sustained
response.
3.1.2. Difference between the same strains across two different time intervals. In addi-
tion to comparing two conditions at the same time period, the Hotelling’s T-squared test can
also be used to compare two different time periods of the same condition. The utility of this
idea is illustrated by the remaining three examples.
3.1.2.1. Example 2: The effect of light onset and offset on larval activity: The activity of the
WT larvae was substantially changed by the Light-On and Light-Off stimuli (Fig 2). This can
be quantitatively evaluated by the Hotelling’s T-squared test (Table 2A). Specifically, we com-
pared the 30-s activity period before light change with the period after light change. The results
reveal that the behavior in each WT strain was significantly different after the Light-On or
Light-Off stimulus (p< 0.0001 for all strains). Again, this confirms that each strain displayed a
drastic movement in response to the light change (Fig 2).
3.1.2.2. Example 3:Will zebrafish larvae adapt to the light stimulus in multiple technical
repeats?: Emran and colleagues established the VMR scheme with three sequential technical
repeats of the Light-On and Light-Off trials (12)(Fig 1). While the resulting averaged activities
from these technical repeats reveal visual defects of mutants (5,14), it is not clear if the larvae
would respond identically in each technical repeat. In other words, they may adapt to the light
stimuli and display a diminished response upon repeated trials. To investigate this possibility,
we analyzed the individual technical repeat of the Light-On VMR (Fig 3, top row) and Light-
Off VMR (Fig 3, bottom row) of each strain at 6 dpf, when all strains showed a robust response.
Specifically, we compared the 30-s activity periods before and after light change across the
three technical replicates (Tables 3 and 4).
Table 3 shows the comparisons between these three technical repeats of the Light-On VMR.
There was a difference in activity in all three strains after light onset between the 1st and 2nd
repeats, and the 1st and 3rd repeats (p< 0.05). There was no difference between the 2nd and 3rd
repeats after light onset, or between all repeats before light onset. Thus, the results indicate that
the 1st technical repeat of the Light-On VMR was different from the 2nd and 3rd repeats in each
strain. Since the 1st technical repeat of the Light-On VMR was statistically different from the
other two repeats, we re-analyzed the comparisons of Light-On VMR between different strains,
and the comparisons of the same strain before and after light change as originally presented on
Tables 1A and 2A respectively. Specifically, the 1st technical repeat was separately analyzed
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Table 2. The Hotelling’s T-squared test of VMR of the same strain at 6 dpf.
A. The Hotelling’s T-squared test of VMR of the same strain at 6 dpf before and after light change
Comparison Test statistic (p-value)
Strain: AB Strain: TL Strain: TLAB
Light-On stimulus (Before light change VS. After light change) 15.845 (< 0.0001) 8.3863 (< 0.0001) 14.595 (< 0.0001)
Light-Off stimulus (Before light change VS. After light change) 26.881 (< 0.0001) 11.784 (< 0.0001) 14.984 (< 0.0001)
B. The Hotelling’s T-squared test of VMR of the same strain at 6 dpf before and after light change using data only from the ﬁrst technical repeat
Strain: AB Strain: TL Strain: TLAB
Light-On stimulus (Before light change VS. After light change) 2.8817 (< 0.0001) 3.3889 (< 0.0001) 5.6767 (< 0.0001)
C. The Hotelling’s T-squared test of VMR of the same strain at 6 dpf before and after light change using data from the second and third
technical repeats
Strain: AB Strain: TL Strain: TLAB
Light-On stimulus (Before light change VS. After light change) 16.534 (< 0.0001) 6.8506 (< 0.0001) 11.255 (< 0.0001)
doi:10.1371/journal.pone.0139521.t002
Fig 3. The VMR of 6-dpf WT strains across three sequential technical repeats. The VMR of three WT strains: AB (left), TL (middle) and TLAB (right) was
measured as described in the methods. The activity was defined as the fraction of frames in each second that a larva in the video was detected moving (see
methods for the detailed definition). There were three sequential technical repeats in the VMR run. For each strain, the activities in each technical repeat were
averaged and shown in different colours (repeat 1 = red; repeat 2 = green; repeat 3 = blue). The Light-On and Light-Off results are separately plotted on the
top and bottom rows respectively. These plots show the mean activity from 30 s before the light change to 30 s after the light change. The corresponding error
in 1 S.D. is shown by the colour ribbon surrounding the mean activity trace. The light and dark periods are indicated by white and black bars at the top of the
figures. The sample size was 191 for AB, 176 for TL, and 185 for TLAB respectively. These values are the total observation from the two biological repeats.
doi:10.1371/journal.pone.0139521.g003
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from the other two repeats (Tables 1C, 1D, 2B and 2C). Consistent with the results from all
repeats, different strains displayed significantly different activity after light change in the analy-
sis, regardless of using either the 1st technical repeat (Table 1C) or 2nd & 3rd technical repeats
(Table 1D). The same situation was observed in the comparisons of the same strain before and
after light change (Table 2B and 2C). For the Light-Off VMR, there was no significant differ-
ence in activity between the technical repeats of all strains after light offset (Table 4; p> 0.05).
Among all comparisons before light offset, only the 1st repeat of AB was different from the 2nd
and 3rd repeats (p< 0.05). Thus, these observations suggest that all technical repeats of the
Light-Off VMR are comparable in each strain and there is no sign of adaptation.
3.1.2.3. Example 4: Difference between different stages of the same strain: The VMR data
were collected from three WT strains each day from 3 to 9 dpf. During this period, the larvae
underwent substantial physical development, including locomotor circuit and visual system.
This might affect the larval VMR. To determine this difference, we compared the activity of AB
and TLAB strains between 3, 6 and 9 dpf (Fig 4). Again, we specifically analyzed the 30-s activ-
ity period before and after light change. The results of the Light-On VMR are shown in
Table 5A and the top figures of Fig 4. In AB, the activity of each stage was significantly different
from the other stages after light change (p< 0.0001). Before light change, the activity of larvae
at 6 and 9 dpf was more similar than that between the other stages, but still significantly differ-
ent (p< 0.05). In TLAB, the activity was significantly different between all stages both before
and after light change (p< 0.0001). Furthermore, we separately analyzed the 1st technical
repeat and the other two repeats for the Light-On VMR (Table 5B and 5C), as we showed the
1st technical repeat was different from the others (Table 4). In these analyses, all conclusions
remained the same, except for the activity of AB at 6 and 9 dpf before light change in the 2nd
and 3rd technical repeats. Thus, Light-On stimulus consistently and uniquely induce different
locomotor behaviours in different strains at different stages. The corresponding comparisons
of the Light-Off VMR are shown in Table 6 and the bottom figures of Fig 4. Here we see that
activity of AB before and after the light change was significantly different across different stages
(p< 0.0001). The behaviour of TLAB at different stages was significantly different after light
change (p< 0.0001). However, before light change, there was a difference in activity between 3
dpf and the other two stages (p< 0.0001), but not between 6 and 9 dpf (p> 0.05).
Table 3. The Hotelling’s T-squared test of Light-On VMR between different technical repeats of the same strain at 6 dpf.
Comparison Test statistic (p-value)
AB (-29–0 s) AB (1–30 s) TL (-29–0 s) TL (1–30 s) TLAB (-29–0 s) TLAB (1–30 s)
1st and 2nd technical repeats 1.1676 (0.2556) 1.6063 (0.0081) 1.2515 (0.4020) 3.8094 (<0.0001) 1.1319 (0.4818) 1.9414 (0.0015)
2nd and 3rd technical repeats 1.0737 (0.2556) 1.0745 (0.3678) 0.8081 (0.6930) 1.1042 (0.1498) 0.7348 (0.8132) 0.7925 (0.8136)
1st and 3rd technical repeats 1.2201 (0.2556) 2.2656 (0.0006) 1.0895 (0.4476) 2.5068 (<0.0001) 1.0711 (0.4818) 2.8016 (<0.0001)
doi:10.1371/journal.pone.0139521.t003
Table 4. The Hotelling’s T-squared test of Light-Off VMR between different technical repeats of the same strain at 6 dpf.
Comparison Test statistic (p-value)
AB (-29–0 s) AB (1–30 s) TL (-29–0 s) TL (1–30 s) TLAB (-29–0 s) TLAB (1–30 s)
1st and 2nd technical repeats 1.6285 (0.0165) 1.1920 (0.4932) 0.9494 (0.6322) 1.3927 (0.0735) 1.1059 (0.4206) 1.0339 (0.3870)
2nd and 3rd technical repeats 1.0668 (0.3248) 0.7707 (0.7390) 0.8449 (0.6322) 0.8527 (0.6192) 0.6325 (0.9174) 1.5832 (0.0522)
1st and 3rd technical repeats 2.5660 (<0.0001) 0.9971 (0.5688) 1.4448 (0.0984) 1.4203 (0.0735) 1.0969 (0.4206) 1.016 (0.3870)
doi:10.1371/journal.pone.0139521.t004
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Fig 4. The VMR of AB and TLAB at 3, 6 and 9 dpf. The VMR of AB (left) and TLAB (right) was measured as described in the methods. The activity was
defined as the fraction of frames in each second that a larva in the video was detected moving (see methods for the detailed definition). Then, the activities
were averaged across all trials under the same light stimulus. The results for Light-On and Light-Off VMR are plotted at the top and bottom row respectively.
These figures show the mean activity of 3 dpf (red trace), 6 dpf (green trace) and 9 dpf (blue trace) from 30 s before the light change to 30 s after the light
change. The corresponding error in 1 S.D. is shown by the colour ribbon surrounding the mean activity trace. The light and dark periods are indicated by
white and black bars at the top of the figures. The sample size was 576 for AB, 576 for TL, and 564 for TLAB respectively at 3 dpf; 573 for AB, 528 for TL, and
555 for TLAB respectively for 6 dpf; and 558 for AB, 519 for TL, and 552 for TLAB respectively for 9 dpf. These values are the total observation from the two
biological repeats and three technical repeats.
doi:10.1371/journal.pone.0139521.g004
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3.1.3. Power analysis. To illustrate the performance of Hotelling’s T-squared test, we per-
formed a simple simulation to determine difference between activity profiles. In the simulation,
the null hypothesis was H0:μ
(1) = μ(2), where μ(1) and μ(2) were two vectors of activity profile
with length t (t is the length of time interval, which is chosen as 30 s in the simulation). Each
element in the vectors corresponds to the mean activity at a specific time point along the time
interval. Four vectors of length 30 were generated in uniform distribution U(a, b) with a and b
as the minimum and maximum values respectively (Fig 5, top row, left panel). Different values
were chosen for a and b to simulate the following three scenarios for the power analysis of the
Hotelling’s T-squared test (Fig 5, top row, right panel):
• Scenario 1: A very small difference between two vectors without any overlap. In this simula-
tion, μ1 ~ U(0.1, 0.1250); μ2 ~ U(0.1251, 0.15). These vectors slightly differed from each other
and did not overlap. A statistical power of 0.8 could be attained with less than 40 samples.
• Scenario 2: A very small difference between two vectors with overlap. In this simulation, μ3
~ U(0.2, 0.225); μ4 ~ U(0.2125, 0.2375). These vectors had a smaller difference between each
other than that between μ1 and μ2. Unlike μ1 and μ2, μ3 and μ4 slightly overlapped with each
other. A statistical power of 0.8 could be attained with less than 50 samples.
• Scenario 3: A large difference between two vectors without any overlap. The same μ1 and μ3
vectors were used in this simulation. They substantially differed from each other and did not
overlap. A statistical power of 0.8 could be attained with just 18 samples.
Table 5. The Hotelling’s T-squared test of Light-On VMR between different stages of the same strain.
A. The Hotelling’s T-squared test of Light-On VMR between different stages of the same strain
Comparison Test statistic (p-value)
AB (-29–0 s) AB (1–30 s) TLAB (-29–0 s) TLAB (1–30 s)
3 dpf VS. 6 dpf 17.851 (< 0.0001) 13.494 (< 0.0001) 13.617 (< 0.0001) 12.944 (< 0.0001)
6 dpf VS. 9 dpf 1.6319 (0.0124) 12.293 (< 0.0001) 4.1654 (< 0.0001) 16.358 (< 0.0001)
3 dpf VS. 9 dpf 13.147 (< 0.0001) 17.398 (< 0.0001) 11.594 (< 0.0001) 35.358 (< 0.0001)
B. The Hotelling’s T-squared test of Light-On VMR between different stages of the same strain using data only from the ﬁrst technical repeat
AB (-29–0 s) AB (1–30 s) TLAB (-29–0 s) TLAB (1–30 s)
3 dpf VS. 6 dpf 5.9776 (< 0.0001) 4.1605 (< 0.0001) 5.0116 (< 0.0001) 7.4399 (< 0.0001)
6 dpf VS. 9 dpf 1.406 (0.0396) 6.1705 (< 0.0001) 1.7169 (0.0046) 7.2368 (< 0.0001)
3 dpf VS. 9 dpf 6.7456 (< 0.0001) 5.9348 (< 0.0001) 4.4079 (< 0.0001) 16.002 (< 0.0001)
C. The Hotelling’s T-squared test of Light-On VMR between different stages of the same strain using data from the second and third technical
repeats
AB (-29–0 s) AB (1–30 s) TLAB (-29–0 s) TLAB (1–30 s)
3 dpf VS. 6 dpf 15.208 (< 0.0001) 11.384 (< 0.0001) 10.943 (< 0.0001) 9.1793 (< 0.0001)
6 dpf VS. 9 dpf 1.3349 (0.073) 8.1946 (< 0.0001) 3.5779 (< 0.0001) 13.047 (< 0.0001)
3 dpf VS. 9 dpf 9.7053 (< 0.0001) 15.538 (< 0.0001) 10.421 (< 0.0001) 25.398 (< 0.0001)
doi:10.1371/journal.pone.0139521.t005
Table 6. The Hotelling’s T-squared test of Light-Off VMR between different stages of the same strain.
Comparison Test statistic (p-value)
AB (-29–0 s) AB (1–30 s) TLAB (-29–0 s) TLAB (1–30 s)
3 dpf VS. 6 dpf 37.526 (< 0.0001) 151.29 (< 0.0001) 16.95 (< 0.0001) 43.484 (< 0.0001)
6 dpf VS. 9 dpf 2.4207 (< 0.0001) 5.4642 (< 0.0001) 0.96459 (0.5022) 4.1313 (< 0.0001)
3 dpf VS. 9 dpf 42.012 (< 0.0001) 168.68 (< 0.0001) 29.78 (< 0.0001) 51.29 (< 0.0001)
doi:10.1371/journal.pone.0139521.t006
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Fig 5. Power analysis. (Top left) Four hypothetical activity profiles. μ1 (red circles) and μ2 (red pluses) are two vectors with very small difference and without
any overlap. μ3 (blue triangles) and μ4 (blue crosses) are two vectors with very small difference and overlap. (Top right) These vectors were used for power
analysis of three comparisons: (1) μ1 vs. μ2 (red curve); (2) μ3 vs. μ4 (blue dash curve); and (3) μ1 vs. μ3 (pink dotted curve). In the plot, the y-axis shows the
statistical power, while the x-axis shows the sample size in each group. (Middle left) The power analysis results of two comparisons: (1) μAB vs. μTLAB before
light change (-29–0 s) of the Light-On stimulus at 6 dpf (black curve); (2) μAB vs. μTLAB after light change (1–30 s) of the Light-On stimulus (red dash curve).
(Middle right) The power analysis results of two comparisons: (1) μAB vs. μTLAB before light change of the Light-Off stimulus (black curve); (2) μAB vs. μTLAB
after light change of the Light-Off stimulus (red dash curve). In these four comparisons, the y-axis shows the statistical power, while the x-axis shows the
sample size in each group. This sample size can be further reduced in real experiments because they often have multiple biological and technical repeats,
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• Scenario 4: A very small difference between two vectors from real data. The activity values
of AB and TLAB at 6 dpf (Fig 2) were used in this power analysis. The analysis separately
evaluated the statistical power needed to declare a difference between AB and TLAB under
the Light-On stimulus (Fig 5, middle row, left panel) and Light-Off stimulus (Fig 5, middle
row, right panel). For each stimulus, two time periods were used: -29–0 s (before light
change), and 1–30 s (after light change). In each time period, the mean activity vectors of AB
and TLAB were denoted as μAB and μTLAB respectively. For Light-On stimulus, a statistical
power of 0.8 could be attained with 138 and 276 samples for the time periods -29–0 s and
1–30 s respectively (Fig 5, middle row, left panel). For Light-Off stimulus, a statistical power
of 0.8 could be attained with 141 and 100 samples for the time periods -29–0 s and 1–30 s
respectively. In our experiments, the dataset was obtained from 2 biological repeats and 3
technical repeats. As discussed in section 3.1.2.2 and section 3.2, these repeats could poten-
tially be combined to increase statistical power. In other words, the number of actual samples
could be reduced by replicating the experiments. For instance, in the aforementioned power
analysis of AB and TLAB at 6 dpf, the actual number of animals would become 23 (138/6)
and 46 (276/6) for Light-On stimulus, and approximately 24 (141/6) and 17 (100/6) for
Light-Off stimulus. It should be noted that using data from technical repeats may suffer from
pseudoreplication, a scenario that the repeats are not independently measured. This would
increase type I error rate and reduce confidence intervals. Even though these issues may be
tolerable for a first-pass screening, it is essential to use an appropriate number of indepen-
dent larvae for critical observations to attain the desirable statistical power.
To further aid selection of sample size for replicated experiments, we plotted the relation-
ship between effect size, length of time period used in analysis, and sample size in each experi-
mental group (Fig 5, bottom row). In this plot, the statistical power was set at 0.8. The results
show that fewer samples are needed to gain statistical power of 0.8 as the length of time periods
becomes shorter. For example, when the time period is as short as 2 seconds, it only requires
32, 41, 56 and 79 samples in each group given that the effect size equals to 0.8, 0.7, 0.6 and 0.5
respectively. The actual number of animals can be proportionally reduced with appropriate
experimental replications. Thus, these power analyses suggest that a relatively small sample
size could detect subtle differences between two vectors. As a result, Hotelling’s T-squared test
can be an effective tool to analyze similar time-series behavioural data.
3.2. MANOVAmodels
While the Hotelling’s T-squared test provides a statistical measure of the difference between
two samples, it does not yield a comprehensive insight into what factors drive those differences.
As a complementary analysis, the impact of different experimental factors on activities was
analyzed by multi-factor MANOVAmodels. MANOVA is a multivariate relative of the com-
mon ANOVA model, and has been widely used to compare multivariate response in multiple
groups [27,28]. Thus, it is particularly suitable for behaviour data like the VMR. Compared to
which can be combined as indicated by our analyses. For example, one sixth of the samples can be used to attain the same theoretical power if an
experiment is conducted with 2 biological repeats and 3 technical repeats, a typical VMR design that was used in this study. These sample numbers are
shown in the parenthesis in the x-axis. (Bottom) The relationship between the length of time period and sample size under different effect size. In this
simulation, the significance level and statistical power is fixed at 0.05 and 0.8 respectively, and the effect size is calculated as Δ = (μ(1) − μ(2))0Σ−1(μ(1) − μ(2)).
Four sample effect sizes (0.5, 0.6, 0.7 and 0.8) were used in the simulation for time period ranges from 2 to 100. The results indicate that as the length of time
period becomes shorter, fewer samples are needed to attain statistical significance. The sample size can be further proportionally reduced by proper
experimental replications.
doi:10.1371/journal.pone.0139521.g005
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the common ANOVA model, MANOVAmodel takes into account of the time dependency
among response variables and reveals other dependency structures of continuous responses
data. Furthermore, it completes the Hotelling’s T-squared test by analyzing all the factors
together and identifying the impact of each factor on larval activities.
3.2.1. Effects of multiple factors on larval activity. First, we created a MANOVAmodel
with factors that likely affected larval activity in the VMR assay (Table 7). These factors include
Location (well location within the 96-well plate), Biological Repeat, Strain, Stage (dpf), Techni-
cal Repeat (total = 3; See Fig 1), Light Stimulus (On vs. Off; See Fig 1), and the synergistic effect
among factors of biological variations and factors of treatment effects (i.e. interaction). Some
synergistic effects were excluded from the model because they were not deemed biologically
meaningful. For example, the location effect should be invariant across different strains, stages,
technical repeats and light stimuli. A similar assumption was imposed on the factor Biological
Repeat. Thus, the interactions of these two factors with other factors were not included in the
model. The data period of the model covers 30 s before light change to 30 s after light change.
The results of this MANOVAmodel are shown in Table 7.
The Stage factor had the largest effect size (0.4234; p< 0.0001). As the larvae were growing
from 3 to 9 dpf, their locomotor behaviour would steadily mature and differ on different days
(Fig 4). This is confirmed by the significant differences in activity between different stages in
Tables 5A and 6 (section 3.1.2.3). The Light_Stimulus factor had the second largest effect size
(0.3772; p< 0.0001). This factor further distinguished the difference in light change from Off
to On (Light-On stimulus), and On to Off (Light-Off stimulus) (Fig 1). The significant effect
size indicates that the Light-On and Light-Off stimuli contributed to the locomotor activity dif-
ferently. The Stage:Light_Stimulus factor had a large and significant effect size (0.2452;
p< 0.0001), indicating that differential response to light onset and offset was a function of
stage. This is also illustrated in Fig 4 in which 3-dpf larvae obviously did not display much
VMR when compared with the later stages. The Location factor also had a large effect size
(0.3316; p< 0.0001), suggesting that larvae behaved differently in different wells. Compared
with these factors, the other factors had a much smaller effect size. For example, the Biologi-
cal_Repeat and Technical_Repeat factors had a small effect size (0.0150 and 0.0173;
p< 0.0001). Furthermore, the effect size was relatively small in the interaction factors with
Table 7. A MANOVAmodel of the VMR.
Pillai* Pr(>F)
Location 0.3316 < 0.0001
Biological Repeat 0.0150 < 0.0001
Strain 0.0219 < 0.0001
Stage 0.4234 < 0.0001
Technical Repeat 0.0173 < 0.0001
Light Stimulus 0.3772 < 0.0001
Strain:Stage 0.1195 < 0.0001
Strain:Technical_Repeat 0.0171 < 0.0001
Strain:Light_stimulus 0.0506 < 0.0001
Stage:Technical_Repeat 0.0460 < 0.0001
Stage:Light_stimulus 0.2452 < 0.0001
Technical_Repeat: Light_stimulus 0.0236 < 0.0001
*Pillai is the Pillai-Bartlett Trace is the sum of the variance that can be explained by the factors (see
Section 2.2.2.3). The sample size in this model is 23268.
doi:10.1371/journal.pone.0139521.t007
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Technical_Repeat factor (Strain:Technical_Repeat, Stage:Technical_Repeat, & Technical_Re-
peat:Light_Stimulus; the corresponding effect sizes were 0.0171, 0.046 & 0.0236; p< 0.0001 in
all cases). These observations suggest that there were slight variations between independent
biological repeats and technical repeats. The Strain factor had a small effect size (0.0219;
p< 0.0001), indicating that there were intrinsic differences between different WT strains. This
difference was further revealed by the three interaction factors with Strain factor. Two of these
factors (Strain:Stage and Strain:Light_Stimulus) had an effect size slightly larger than that of
the Strain factor (0.1195 and 0.0506 respectively; p< 0.0001), while the other one (Strain:Tech-
nical_Repeat) had a smaller effect size (0.0171; p< 0.0001). Thus, the behaviour of different
WT strains differed at different stages, under different light stimuli, and in different technical
repeats. This is also indicated by the example activity plots as shown in Fig 4. Together, the
model reveals that larval activity was substantially affected by four factors: Stage, Light Stimu-
lus, their interaction, and Location. Among them, only the Stage factor is intrinsic to the ani-
mals; the other factors are extrinsic or are a combination of both intrinsic and extrinsic factors.
3.2.2. Effects of multiple factors on Light-On and Light-Off VMR. We are particularly
interested in the factors that are related to light stimulus because they allow us to dissect the
underlying visual function of the larvae. Hence, we separately analyzed the data for Light-On
stimulus (Table 8) and Light-Off stimulus (Table 9). These models tested the effect size of the
following factors: Location (well location within the 96-well plate), Biological Repeat, Strain,
Stage (dpf), Technical Repeat (1st–3rd trials), and the synergistic effect of these factors (i.e.
interaction) on larval activity before and after light change. Through this arrangement, we
were able to compare effect of these factors on larval activity upon light change.
The results from the Light-On model are summarized in Table 8. First, the Stage factor had
the largest effect on larval activity after light change (0.3806, p< 0.0001). However, this factor
had a relatively small effect size before light change (0.0946, p< 0.0001). Together, these sug-
gest that there were differences in larval activity towards light onset at different stages. The
Location factor had the next largest effect size after light change (0.3184, p< 0.0001), which
was not substantially higher than that before light change (0.2736, p< 0.0001). Two factors
related to Strain had a large effect size after the light change including Strain (0.1070,
p< 0.0001) and Strain:Stage (0.3042, p< 0.0001). Together, these observations indicate that
there was an intrinsic difference between different WT strains on light response, and that the
difference varied with stage. These outcomes were also corroborated by the difference between
Table 8. A MANOVAmodel of the Light-On VMR.
Before light change After light change
Pillai* Pr(>F) Pillai* Pr(>F)
Location 0.2736 < 0.0001 0.3184 < 0.0001
Biological Repeat 0.0122 < 0.0001 0.0172 < 0.0001
Strain 0.0134 < 0.0001 0.1070 < 0.0001
Stage 0.0946 < 0.0001 0.3806 < 0.0001
Technical Repeat (1st-3rd) 0.0063 0.1250 0.0523 < 0.0001
Strain:Stage 0.0696 < 0.0001 0.3042 < 0.0001
Strain:Technical Repeat 0.0138 0.0115 0.0261 < 0.0001
Stage:Technical Repeat 0.0401 0.0003 0.0697 < 0.0001
Strain:Stage:Technical Repeat 0.0747 0.0003 0.0945 < 0.0001
*Pillai is the Pillai-Bartlett Trace is the sum of the variance that can be explained by the factors (see Section 2.2.2.3). The sample size in this model is
11634.
doi:10.1371/journal.pone.0139521.t008
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strains in the activity plots (Fig 2). The Technical_Repeat factor had a significant impact
on larval activity after light change, as the effect size of the factor was significant (0.0523,
p< 0.0001). This indicates that the technical repeats did not give identical response. Intrigu-
ingly, the Biological_Repeat factor had a smaller effect size (0.0172, p< 0.0001) than the Tech-
nical Repeat factor, suggesting that the biological variation between the larvae of the same
strain was smaller than the technical variation after light onset. It should be noted that the
reverse trend was observed for the Biological_Repeat and Technical_Repeat factors before light
change, in which the effect of the former factor was modestly larger than that of the latter
(0.0122, p< 0.0001 vs. 0.0063, p< 0.0001). The remaining interaction factors including Strain:
Technical_Repeat, Stage:Technical_Repeat, and Strain:Stage:Technical_Repeat all had modest
or small effect sizes on larval activity, which were comparable before and after light change.
The results from the Light-Off model are summarized in Table 9. First, similar to the Light-
On model, the Stage factor had the largest effect on larval activity after light change (0.4821;
p< 0.0001). However, this factor had a comparably large effect size before light change
(0.3139; p< 0.0001). Thus, there was not only a stage difference in larval activity upon light
offset, but also a stage difference in the light phase before the offset. This is supported by the
difference in the baseline activity at the end of the preceding light phase (Fig 2, right; -29–0 s).
The Location factor had the next largest effect size, which was fairly constant before (0.3194,
p< 0.0001) and after (0.3335, p< 0.0001) light change. This observation suggests that there
was a variation in larval activity between wells. The Strain and Strain:Stage factors had the next
largest effect sizes (0.0543 & 0.1358, p< 0.0001 for both) after the light change. Thus, there
was an intrinsic difference between different WT strains towards light offset, which also varied
at different developmental stages (Figs 2 and 4). The Biological_Repeat factor had a small effect
(0.0197, p< 0.0001) after light change, suggesting that there was a difference between the
Light-Off responses in independent samples. At the same time, the Technical_Repeat factor
did not have a significant effect size (p = 0.14) after light change. It should be noted a reverse
trend was observed for these factors before light change. For example, the effect sizes of the
Biological_Repeat and Technical_Repeat factors were 0.0013 (p = 0.99) and 0.0229 (p< 0.001)
respectively. These observations suggest that there was no difference in the response between
biological repeats in the last 30 seconds of the preceding light phase, while there was a differ-
ence in the response between technical repeats in this period. The remaining interaction factors
(Strain:Technical_Repeat and Stage:Technical_Repeat) had small effect sizes on larval activity,
which were comparable before and after light change.
Table 9. A MANOVAmodel of the Light-Off VMR.
Before light change After light change
Pillai* Pr(>F) Pillai* Pr(>F)
Location 0.3194 < 0.0001 0.3335 < 0.0001
Biological Repeat 0.0013 0.9933 0.0197 < 0.0001
Strain 0.0092 0.0003 0.0543 < 0.0001
Stage 0.3139 < 0.0001 0.4821 < 0.0001
Technical Repeat 0.0229 < 0.0001 0.0063 0.1367
Strain:Stage 0.0511 < 0.0001 0.1358 < 0.0001
Strain:Technical Repeat 0.0123 0.1105 0.0141 0.0057
Stage:Technical Repeat 0.0376 0.0094 0.0361 0.0229
*Pillai is the Pillai-Bartlett Trace is the sum of the variance that can be explained by the factors (see Section 2.2.2.3). The sample size in this model is
11634.
doi:10.1371/journal.pone.0139521.t009
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Together, the models for Light-On and Light-Off VMR reveal that larval activity during
light onset and offset was substantially affected by four factors: Stage, Location, Strain:Stage,
and Strain. Except for the Location factor, all other factors are intrinsic property of the larvae.
3.2.3. Dynamic effects of each variable over time. While the general MANOVAmodels
give an overview of the effect of different factors on larval activity during a time frame, the
effect may vary in each time unit. To study this dynamical change, we used every dependent
variable in the MANOVAmodels to perform a conventional ANOVA at each second from 30
s before light change to 30 s after light change. This analysis reveals the contribution of differ-
ent variables to the activity over time (Fig 6).
The results of the Light-On stimulus are shown in the top panel of Fig 6. Before light onset,
the effect size of each factor was fairly constant. The Stage factor had the largest effect size,
which was followed by the Location and Strain:Stage factors. The remaining variables had
effect sizes that were nearly zero. After the light onset, the effect sizes of several factors substan-
tially increased. Most strikingly, the Strain:Stage factor contributed to nearly 10% the total vari-
ability of activity level in the first 3 s before tapered back down to its previous level at 15 s. The
effect size of the Stage factor also increased very rapidly to 6.25% in the first 2 s. Then, it rapidly
decreased almost back to the baseline level in the next 2 s, increased to 6.25% again at 5 s,
stayed at 6.25%–7.4% for the next 6 s, and gradually returned to the baseline level at 20 s. The
Fig 6. Dynamical effect of different variables on VMR during light change. The dynamic effect size of
each factor for Light-On stimulus (top) and Light-Off stimulus (bottom). These figures show the change in
effect size of various factors under different light stimuli from 30 s before light change to 30 s after light
change. The light and dark periods are indicated by white and black bars at the top of the figures. The sample
size in each model is 11634, the same number for the MANOVAmodels for Light-On and Light-Off VMR
(Tables 8 and 9).
doi:10.1371/journal.pone.0139521.g006
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Strain factor showed a small increase for about 1% after light onset, which gradually decreased
back to the baseline level by 30 s. Both Location and Stage:Technical_Repeat factors had a
small 1% increase that lasted until 4 s before returning to the baseline level. The Technical_Re-
peat factor had a small increase starting from 4 s, reaching a peak level at 1.25%, and returning
back to the baseline level at 12.5 s. The Biological_Repeat, Strain:Technical_Repeat and Strain:
Stage:Technical_Repeat factors remained fairly constant in their total contributions to the lar-
val activity after the light onset.
The results of the Light-Off stimulus are shown in the bottom panel of Fig 6. The effect sizes
of all variables were fairly constant before the light change, just like the situation in the Light-
On stimulus. The Stage factor had the largest effect size, at approximately 7.5%. This was fol-
lowed by the Location factor at approximately 2%–2.5%. The effect sizes of the remaining vari-
ables were all close to zero. During light offset, there was an abrupt increase in the effect size of
Stage factor to 22.5% in the first 2 s, and an equally as quick return to the original level at 4 s.
Then, there was a gradual increase to an elevated level of 10% at 8 s, which was sustained until
30 s. There was also a modest increase in the effect size of the Strain and Strain:Stage factors.
The effect size of the Strain factor shared a similar temporal profile as the Stage factor. It
peaked at approximately 2% at 2 s, returned to baseline at 4 s, and gradually increased to 1 per-
cent at 6 s, which remained elevated until 30 s. For the Strain:Stage factor, its effect size also
peaked at approximately 2.5% at 2 s. Then, it was sustained at around 2% until 30 s. For the
remaining factors, there was not a change in their effect size after light offset. In particular, the
effect size of the Location factor was still sustained at 2%–2.5%, while the effect sizes for other
factors remained close to zero, as before the light change.
Discussion
The rich repertoire of zebrafish behaviour has been used in many screening studies [2–11] that
have generated high-dimensional data. The high dimensionality of the data has created new
analytical challenges. These challenges are often originated from the experimental setup, in
which the zebrafish larvae are arranged in multi-well plates for simultaneous tracking upon
external stimulation. This arrangement is not conducive to standard parametric analyses,
including t-tests and ANOVA that are commonly used in the field. At the same time, there are
inherent experimental and biological variations in this kind of behavioural data. In this investi-
gation, we have addressed these statistical issues by analyzing the VMR data, a common type of
behavioural data, utilizing the Hotelling’s T-squared test. We have also evaluated various fac-
tors that may contribute to larval activity by MANOVA.
The Hotelling’s T-squared test compares two time-series data. It confers several advantages
in analyzing VMR data: First, it allows for the comparison of multiple time periods within and
between treatment conditions (Tables 1–6). Second, the test is sensitive enough to detect a dif-
ference between conditions using a small number of larvae (Fig 5), a number that is compatible
with commonly-used experimental designs [4,11]. Thus, the test can be readily applied to exist-
ing data and new studies that use the typical experimental setup. Third, the test gives a simple
significant measure (p-value) for data interpretation. This alleviates the potential difficulty in
interpreting complex statistical models. Together, these advantages make the Hotelling’s T-
squared test a versatile tool for analyzing VMR data.
The versatility of the Hotelling’s T-squared test was illustrated by several comparisons,
using VMR data obtained from different WT strains (Tables 1–6). These comparisons have
quantitatively confirmed the qualitative differences observed in the activity plots (Figs 2–4).
A few interpretations are summarized here: First, the VMR differed between different WT
strains in the first 30 s of light change (Table 1A and Fig 2). Second, the light change induced a
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significant surge in all WT VMR in the first 30 s (Table 2A and Fig 2). Third, there was no dif-
ference between the technical repeats of both Light-On and Light-Off VMR in the first 30 s
except for the 1st technical repeat of Light-On VMR (Tables 3 and 4, Fig 3). This 1st technical
repeat was different from the other two because it was preceded by a longer 3.5-hr dark adapta-
tion, while the other two repeats were preceded by a shorter 0.5-hr dark phase. In the case of
Light-Off VMR, all technical repeats were preceded by a 0.5-hr light phase. Thus, these obser-
vations suggest that specific VMR response in a particular trial depends on the length of the
preceding stimulus period. Furthermore, technical repeats in the same experiment would not
lead to adaptation in larval VMR, provided they have the same preceding stimulus period.
Even though the 1st technical repeat of Light-On VMR was statistically different from the other
two repeats, their separate analysis led to the same major conclusions as in the analyses using
all three repeats (Compare Tables 1A, 2A and 5A with Tables 1C, 1D, 2B, 2C, 5B and 5C). This
indicates that all these technical repeats are revealing the same biological differences. Fourth,
our power analysis indicates that a small number of samples are needed for the test to attain
statistical significance, and that this number is a function of the length of time period used in
the analysis, effect size, and the number of experimental repeats (Fig 5). This sample size is
congruent with the 96-well plate format and compatible with the numbers commonly used in
VMR studies. Fifth, the VMR of the same strain differed between different developmental
stages (Tables 5 and 6, Fig 4). This implicates a developmental change in the neural circuitry
for controlling locomotor activity and responding to abrupt light change. In fact, zebrafish
photoreceptor matures from 3 to 9 dpf. The first detectable startle response appears at 3 dpf
[29], while the more complicated optokinetic response becomes robust at 5 dpf [30]. In addi-
tion, the development of extraocular photoreceptors during this period will also contribute to
the locomotor response [19]. Thus, the older larvae should perceive light change better than
the younger ones.
In addition to these direct comparisons, it is also important to assess the impact of factors
that would affect activity within a specific time frame. To this end, we developed a MANOVA
model for the VMR data that span 30 s before light change to 30 s after light change
(Table 7). While all factors affected the activity, four of them were the major ones: Stage,
Light Stimulus, their interaction and Location. The Stage and Light_Stimulus factors obvi-
ously changed the VMR, as shown by Hotelling’s T-squared test above (Tables 5 and 6, Fig 4
for the Stage factor; Table 2A and Fig 2 for the Light_Stimulus factor). The effect of the Loca-
tion factor indicates that the experimental setup might cause some variations. In our VMR
machine, the 96-well plate was illuminated by an LED panel from below. Even though the
panel had a diffuser, the plate might not receive even illumination. This theory was con-
firmed by measuring the luminance at nine locations on the panel. The brightest locations
are in the center of the panel, while the dimmest locations are in the periphery. As a result,
the larvae did not receive uniform illumination. To minimize the location impact, larvae
should be at least arranged in the 96-well plate such that each experimental group is evenly
exposed to areas of higher and lower light intensity. Alternatively, they can be arranged in a
checker-box pattern [12]. Nonetheless, this arrangement may not be the most conducive to
experiments that have multiple conditions that require constant medium changing. In addi-
tion to these major factors, the MANOVA model indicates that the biological and technical
repeats had very small and yet significant effect sizes. Nonetheless, the magnitude of their
effect size was much smaller than that of the other major factors. Therefore, it is plausible to
combine biological replicates obtained on the same machine to increase statistical power.
Whereas replicated data obtained from different machines should be first analyzed by a simi-
lar MANOVA before combining, or the potential machine effect should be explicitly modeled
in the data analysis.
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One limitation of the full MANOVAmodel is that it combines the Light-On and Light-Off
stimuli. This combination provides critical insight into the major factors as described above.
However, it cannot evaluate how light onset and offset would affect the resulting activity differ-
ently. To this end, we further built two MANOVAmodels for the Light-On and Light-Off sti-
muli (Tables 8 and 9). As in the full model, these models separately analyze the 30-s time
period before and after light change.
In the model for Light-On stimulus (Table 8), the Stage, Strain and their interaction factors
accounted for a substantial portion of the activity after light change. This observation suggests
that light change played an important role in driving the early Light-On VMR and that differ-
ent strain and larvae at different stages responded to light onset differently. This validates the
observations as reported in several recent behavioural studies on WT zebrafish [9,16,17]. The
Location factor had a large effect on activity before light change during the preceding dark
phase. Nonetheless, the Location factor had a constant effect before and after light change.
Thus, the variation conferred by the Location factor would not affect the correct interpretation
of the effect of light change on activity. The effect size of Biological_Repeat factor was the
smallest of all tested factors. This supports the interpretation of the full MANOVAmodel that
biological replicates may be combined. The Technical_Repeat factor did not significantly con-
tribute to the activity before the light change. This time period was the last 30 s of the preceding
dark stimulus that was at least 30-min long (Fig 1). Thus, the larvae could have acclimatized to
the environment just before the light change, regardless of the technical repeats. After light
change, the effect size of Technical Repeat factor had a modest increase in magnitude and
became significant. This confirms the corresponding analysis by the Hotelling’s T-squared test
(Table 3), in which the first technical repeat of the Light-On VMR was different from the other
two technical repeats. At the same time, the interaction terms involving the Technical Repeat
factor had a similarly small effect size before and after light change. This indicates that the
impact of the interaction terms on activity was not related to the light change.
The model for Light-Off stimulus provides some similar and different insights into the
effects of various factors on larval activity (Table 9). For example, the Stage, Strain and their
interaction factor accounted for a substantial part of the activity after light offset. This again
implicates that the light change played an important role in the resulting activity, and that dif-
ferent strains responded to the light offset differently. The effect size of the Location factor was
also large in this model. The magnitude of the effect was comparable before and after light
change. Thus, this observation confirms the interpretation from the light-ON model, in which
there was a variation in larval activity between different wells. Nonetheless, this variation was
not related to the strain difference or light change. The effect of the Technical_Repeat factor
was not significant after light offset, suggesting that the technical repeats per se were highly
consistent and that the Light-Off VMR did not show adaptation over multiple repeats. This is
likely due to all the technical repeats were preceded by the light phase with same length (30
min; Fig 1). This interpretation is consistent with the observation made the by Hotelling’s T-
squared test, in which all technical repeats for Light-Off VMR were not different from each
other (Table 4).
These MANOVAmodels analyzed the effect of a number of factors immediately before and
after the light change. However, the effect was not constant during the course of experiment, as
shown by our analysis of the dynamic effect of the variables (Fig 6). The most striking result is
that the early Light-On VMR (the first 30 s) was heavily affected by the Stage and Strain:Stage
factors, while the early Light-Off VMR was heavily affected by the Stage factor. The effect of
the other factors was relatively constant throughout the time period, except for a nominal effect
by the Strain factor during Light-On VMR, and Strain:Stage factor on the Light-Off VMR.
Thus, the Light-On and Light-Off VMR are driven by intrinsic biological differences, including
Statistical Analysis of Zebrafish Locomotor Response
PLOS ONE | DOI:10.1371/journal.pone.0139521 October 5, 2015 22 / 25
stage and strain, and are not substantially affected by the random and systematic variations.
These properties make the VMR assay, particularly the Light-On response, potentially ideal for
studies that rely on rapid responses to study visual behaviours or screen eye drugs [5,11,14].
The Light-Off response, however, should be used with caution now. When it is implemented in
the way outlined in this study, it can reveal a substantial eye-level contribution, as an eyeless
mutant displayed very minimal response under this particular setting up to approximately 30 s
after light offset [5]. However, when the activity was summarized in minutes instead of sec-
onds, the same eyeless mutant displayed substantial locomotor behaviour [19]. Thus, these
studies indicate that both extraocular photoreceptors and regular photoreceptors contribute to
the locomotor response during light offset. To effectively measure eye-level contribution for
Light-Off response, we recommend using the settings we outlined in this study, restricting
the analysis to data within the first 30 s, or even just the first 2 s to detect the eye-driven O-
bend movement [26], and following up interesting observations with other complementary
experiments.
In short, this study has developed a statistical framework that applies several established sta-
tistical tools for time-series locomotor analysis in zebrafish: a Hotelling’s T-squared test for
two time-series comparison, and a MANOVAmodel for assessing factors that may affect the
locomotor activity. These tests are compatible with the commonly-used experimental design
and sample numbers. While the evaluation of the tests was conducted with a VMR dataset,
these tests should be applicable to any time-series locomotor analysis with similar data struc-
ture. Our analysis has also unveiled a potential effect of the location of larvae in the plate on
the resulting larval activity. The effect seems to be constant across the experimental time, and
should not affect the interpretation of results obtained from our analysis framework. Nonethe-
less, future analysis should include of the location effect in the Hotelling’s T-squared test. For
example, this can be achieved by scaling the activity levels of zebrafish by their location effect
before performing the Hotelling’s T-squared test. We will also explore non-parametric analyses
for time-series locomotor data with data structure that may not be fully compatible with the
framework established in this study. As of now, the establishment of these parametric analyses
will immediately facilitate efficient data analysis in high-throughput behavioural studies, stud-
ies that would lead to new insights into neurobiology, pharmacology and toxicology.
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